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Currently contributing models

Model Center Ensemble size
CFSv2 NCEP 24 (28)
CanCM3 EC/CMC 10
CanCM4 EC/CMC 10
FLOR GFDL 24
CM2.1 GFDL 10
CCSM4 NCAR 10
GEOS-5 NASA 11
NEW CESM1 NCAR 10

Total ensemble size 109 (113)
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Deterministic and probabilistic forecasts

Prate 2015 OND from 201509

NMME Forecast of Prate Anom (mm/day) 1C=201509 for 20150ND
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Raw and calibrated probabilistic forecasts
Prate 2016 DJF from 201511

NMME prob fcst Prate IC=201611 for lead 1 2016 DJF o NMME prob fcst Prate IC=201611 for lead 1 2016 DJF
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NMME Subseasonal Experiment

Weekly initialization
Forecast length = 32 days (45 days encouraged)

Hindcast period 1999-2015 (additional years
encouraged)

> 4 ensemble members (more encouraged)

Hindcasts and real-time forecasts (product based, like
seasonal NMME)

Models can differ from seasonal NMME, e.g. CMC GEM
model contributing to S2S will replace CanCM3/4
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Search Results

Institute

CCCMA (5331)
NASA-GMAO (365)
NCEP (3)
NOAA-GFDL (1660)

UM-RSMAS (1115)

Model

CCSM4 (1115)
CFESV2-2011 (3)
CanCM3 (2660)
CanCM4 (2671)
FLORB-01 (1660)
GEQS-5 (365)

_..Show Fewer

Experiment

19800101 (4)
19800201 (4)
19800301 (4)
19800401 (4)
19800501 (4)

...Show More

Frequency
3-Hourly (339)
6-Hourly (3)
Daily (2679)
Monthly (5453)

NMME Phase 2 Data on the ESG
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Overvisw

Projscts NMME (North-American Mult-Model Ensemble) NMME (North-American Multi-Mode! Ensemble) is to

T is to improve intra-seasonal to interannual (ISI) improve intra-seasonal to interannual (IS1)
operational predictions based on the leading US operational predictions based on the leading US

Mestings and Canada climate models. and Canada climate models.
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Daily atmospheric and land surface fields (22

NMME
Phase 2
Data at
NCAR

Common 1°
grid

NetCDF4

Available
2014-15

Variable

Var. Name

Surface temperature (SST+land) Ts

2m T daily max Tasmax
2m T daily min Tasmin
Mean sea level pressure Psl
Snow water equivalent swe
Total soil moisture Mrsov
Total precipitation” prlr
Downward surface solar Rsds
Downward surface longwave Rlds
Net surface solar Rss
Net surface longwave Rls
Top net solar Rst
Top net longwave RIt
Surface latent flux Hflsd
Surface sensible flux Hfssd
Surface stress (X) Tauu
Surface stress (y) Tauv
2m temperature Tas
Total cloud cover Clt
10m wind (u) Uas
10m wind (v) Vas
Surface specific humidity huss

Daily atmospheric pressure level fields (5)
Provided at 850. 500. 200. 100. 50 hPa

Variable Var. Name
Geopotential G
Temperature Ta

Zonal velocity ua
Meridional velocity va

Specific humidity hus

Monthly sea ice fields (2)

Variable Var. Name
Sea ice concentration s1c
Sea 1ce thickness sit

Monthly ocean fields (7)
3D ocean fields thetao/so/uo/vo/wo are provided at
125.0. 150.0, 200.0, 250.0. 300.0, and 400.0 m

Variable Var. Name
Potential temperature thetao
Salinity S0
Zonal velocity uo
Meridional velocity Vo
Vertical velocity wo
Sea level zoh

Mixed layer depth zmlo



