Cross-validated correlation skill scores of the Nino indices

predicted by conditionally adding the precursor

Nino(?) = aNino(r) + FWWV(2) + yZWS(r) + SNTA(?)
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Indices-based skills of ENSO prediction in dynamical models

Nino3.4, Nino3 & Nino4 indices, as well as Nino CT & WP indices
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Analog-based Correction of prediction Errors (ACE)

Basic idea: (Renetal 2014)
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Fcst of precip anomaly percent
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Statistical correction to BCC dynamical prediction

Fcst of 500hPa HGT
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Outline

O Introduction
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0 Summary and outlook

T



Summary

¢ Climate prediction is essential to the national demand in China.
¢ BCC has made a big progress in climate model development.

¢ CMME products have been applied to real-time seasonal climate
prediction since 2018, showing a good skKill.

¢ There has been a relatively complete operational system of China
climate prediction, particularly with a development of the SIP.

4 Hindcast verifications showed that the correlation skills of ENSO,
IOD, NAST, WNSH, and EASM are high but can be Improved as well.

4 Some researches on climate impact and prediction as well as new
methodology have been carried out in China.
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2008 snow disaster — still a big challenge
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Decadal variations of China rainbelt
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What will be in the next decade?
How to predict it in BCC?

Believe it or not?



Climate prediction services for economic sectors
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Climate Models:
« BCC CSM1.1m (T106L26) —>CSM1.2 (T106L40)
« BCC CSM2 (T266L56)

CPPS
« ENSO, AO, Siberian High
« MJO, EAWM

CMME
e More Models involve
& « MODES

NEACOF-13,14-16 November 2017, Moscow, Russia 53 .’“;’rql‘ >
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CMME—MODES

MODES

Multi-Model Downscaling Ensemble System

ECMWF
GCM GCM _..... GCM NCEP
Output Output Output — ;gg

BP-CCA
Statistical Statistical Cennna Statistical OSR
Downscaling Downscaling Downscaling HCRE

Ensemble

Previous study shows that forecast by downscaling and ensemble perform
better than that by ensemble and downscaling.(Kang H. W. et al.,2009)



Seamless Suite of Forecasts
-- Subseasonal to seasonal prediction project (S2S) --

Wamings & Alert
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Skills: ENSO vs EA seasonal prediction
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Correlation by Lead Time (all seasons)
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