Coupled data assimilation

in climate analysis and forecasting
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OCEANS AND ATMOSPHERE

The GFDL CM2.1 climate model, an ensemble Kalman filter data assimilation system and ocean anc
atmospheric observational data is used to explore strong and weakly coupled data assimilation (CDA).
Predictability and sensitivity of the cross-domain ocean-atmosphere covariances is illustrated through

comparison of forecast innovation errors and seasonal mean increments for all possible cases (Table 1).
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+ Coupled state vector includes ocean temperature,
salinity, sea-level anomaly, velocity, sea-ice
concentration and thickness categories,
atmospheric pressure, temperature, humidity
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assimilation of ocean observations and assimilation

atmosphere are nearly saturated.
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