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observations of temperature and precipitation in order to assess daily temperature and precipitation records (see Table 1 for selectedobservations of temperature and precipitation, in order to assess daily temperature and precipitation records (see Table 1 for selected
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Australia) and data collected in the Global Historical Climatologydata sets are not only the uncertainties related to the observations Australia) and data collected in the Global Historical Climatology
themselves (e g instrumental errors errors of representativity Network Daily (GHCND) dataset In future work we will includethemselves (e.g. instrumental errors, errors of representativity, Network-Daily (GHCND) dataset. In future work, we will include
inhomogeneities introduced through station relocation different indices obtained from ETCCDI regional workshops to improve theinhomogeneities introduced through station relocation, different
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indices obtained from ETCCDI regional workshops to improve the

d t iregional observing practices) but also uncertainties related to coverage over data sparse regions.regional observing practices) but also uncertainties related to
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coverage over data sparse regions.
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3. Sensitivity Tests for Australia
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indices. For complete list of indices and precise - Major uncertainty comes from the data source i e stations used definitions see - Major uncertainty comes from the data source, i.e. stations used
http://cccma.seos.uvic.ca/ETCCDI/list_27_indices.htmlfor gridding and the gridding technique (particularly over data p _ _for gridding, and the gridding technique (particularly over data
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The extreme climate indices are calculated for all of the stationsThe extreme climate indices are calculated for all of the stations
contained in the GHCND archive and then interpolated onto acontained in the GHCND archive, and then interpolated onto a
global grid. To avoid effects from varying station density, we onlyglobal grid. To avoid effects from varying station density, we only
i l d t ti ith t l t 40 f lid d t i th 1951include stations with at least 40 years of valid data in the 1951-y
2010 period (e g Fig 1) Figure 2: Trends in annual maximum of daily maximum temperature (TXx) 1950-2008 in2010 period (e.g. Fig. 1). Figure 2: Trends in annual maximum of daily maximum temperature (TXx) 1950-2008 in 

three different gridded data sets
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The gridded product is compared to the HadEX data set three different gridded data sets.The gridded product is compared to the HadEX data set
(Alexander et al 2006) and climate indices calculated from daily(Alexander et al., 2006) and climate indices calculated from daily

idd d d (H dGHCN C l 2006) Fi 3gridded data (HadGHCN; Caesar et al., 2006), see Fig. 3.gridded data (HadGHCN; Caesar et al., 2006), see Fig. 3.
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